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Low-level Tile Parallel Synthesis Technology Based on High-level Map Tiles

LIU Shiyong, WU Qiuyun, CHEN Luo, Li Jun, JING Ning
(College of Electronic Science and Engineering, National University of Defense Technology, Changsha
410073, China)

Abstract: Pyramid tile having a plurality of levels, for the traditional method, the creation of an image tile pyramid should
create an image pyramid firstly, then read the data at all levels of the pyramid slice. With the volume of remote sensing
image data is growing, and correspondingly the image data pyramid is growing. The traditional way to build up pyramids
of large amount of remote sensing data is far less than its application requirements. This paper presents a parallel algorithm
called paraTileM, which can be used to synthesize the lower level tile, and experimental results show that the proposed
algorithm greatly improves the efficiency of the construction of the pyramid tiles for WebGIS data.
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Fig.5 The algorithm time cost width in different process
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Fig.6 The speed-up ratio of the algorithm
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